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Abstract
High density genotyping panels have been used in a wide range of applications. From popu-
lation genetics to genome-wide association studies, this technology still offers the lowest
cost and the most consistent solution for generating SNP data. However, in spite of the
application, part of the generated data is always discarded from final datasets based on
quality control criteria used to remove unreliable markers. Some discarded data consists of
markers that failed to generate genotypes, labeled as missing genotypes. A subset of miss-
ing genotypes that occur in the whole population under study may be caused by technical
issues but can also be explained by the presence of genomic variations that are in the vicin-
ity of the assayed SNP and that prevent genotyping probes from annealing. The latter case
may contain relevant information because these missing genotypes might be used to iden-
tify population-specific genomic variants. In order to assess which case is more prevalent,
we used Illumina HD Bovine chip genotypes from 1,709 Nelore (Bos indicus) samples. We
found 3,200 missing genotypes among the whole population. NGS re-sequencing data from
8 sires were used to verify the presence of genomic variations within their flanking regions
in 81.56% of these missing genotypes. Furthermore, we discovered 3,300 novel SNPs/
Indels, 31% of which are located in genes that may affect traits of importance for the genetic
improvement of cattle production.
Introduction
Despite the strong lasting trend of decreasing costs associated with DNA sequencing caused by
the continuing development of Next Generation Sequencing (NGS) technologies, SNP geno-
typing with DNA chips still offers the lowest cost and the most consistent solution for generat-
ing highly repeatable High-Density (HD) SNP data[1]. HD SNP genotyping panels have been
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made commercially available for humans and model species, as well as several agriculturally
important species, such as cow [2], buffalo, goat, sheep, pig, chicken, trout [3], wheat [4], rice
[5], and soybean [6], just to name a few. HD SNP data has been used in a wide range of applica-
tions, including population genetics, case-control and genome-wide association studies
(GWAS), genomic evaluation and selection, and more recently copy number variation (CNV)
studies [7].
In spite of the application, a portion of SNP genotyping data is always discarded from final
datasets based on quality control criteria used to remove unreliable markers. A myriad of bio-
logical and technical issues can result in marker failure and low repeatability. As expected, gen-
otyping probes cannot consistently anneal in the presence of any genomic variations (SNPs,
deletions, insertions, etc) within target sequences and fail to produce accurate genotypes, or in
some cases continually generate no genotypes at all, the so-called missing genotypes. Neverthe-
less, a recent study [8] has indicated that this issue may be more complex than previously
thought because genomic variations outside target regions can prevent probes from properly
annealing and performing their function as well. Thus, any genomic variation within flanking
regions, even those outside probe target sequences, might hamper accurate genotyping.
The extent of the aforementioned issues is highly dependent on the divergence between
populations used for probe design and the population under study. When samples are derived
from the same populations used for generating sequences for probe design, this may not be an
issue at all, since the odds of novel unobserved genomic variants within the same population
are small. However, the usefulness of HD SNP panels relies on their ability to work on samples
from diverse populations, and in these cases the aforementioned technical limitations may pro-
duce corresponding genotypes that are consistently missing in either a proportion of samples
or even within the entire dataset. Most data quality control procedures routinely and indis-
tinctly discard markers that never generate genotyping data in a specific population or breed in
the same manner as other markers that produce varying low call rates. While the latter ought
to be discarded because they do not contain useful or reliable information, the former should
be further investigated as they might reveal population-specific genomic variant regions, where
genetic divergence between populations is higher as consequence of their evolutionary past.
Contemporary bovine breeds can be subdivided into two closely related genetic groups or
subspecies, which diverged 250,000 years ago [9]. Taurine (Bos taurus) cattle and zebuine (Bos
indicus) cattle, were originally derived from northern Europe and the Indian continent, respec-
tively [10], and show an average nucleotide divergence level of 117,000–275,000 B.P. [10]. The
Illumina Bovine HD SNP chip was built by a multi-institutional consortium and contains a
total of 777,962 polymorphic SNPs identified mostly from within-breed sequence comparisons,
including data derived from taurine, zebuine and composite breeds [2]. Illumina acknowledges
that sequence divergence in regions flanking assayed SNPs may potentially result in probes
which are not fully compatible across all breeds, and that consequently yield lower average call
rates in specific breeds when compared to most of the loci in the panel (Illumina BovineHD
Genotyping BeadChip Data Sheet- http://res.illumina.com/documents/products/brochures/
brochure_agriculture.pdf). Furthermore, they report that 29,968 SNPs (3.85%) which appear
to be flanked by sequence polymorphisms because of breed-specific lower call rates, were
retained in the HD panel because they may provide biologically relevant information (Illumina
BovineHD Genotyping BeadChip Data Sheet).
An initial analysis of a dataset with genotyping data from 1,709 Nelore (zebuine) animals
revealed a number of consistently missing genotypes. Do these failed SNPs observed in the Nelore
breed actually reveal genomic variant? Do those hypothetical genomic variants occur within
biologically relevant loci? To answer these questions, re-sequencing data from historical bulls
from the breed, and automated and manual annotation of identified regions were performed.
Missing Genotypes in Nelore Cattle
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Genotyping data from a total of 1,709 Nelore animals and re-sequenced NGS data from 8
historical sires were used to identify a total of 3,200 SNPs that consistently failed to generate
genotyping data in the Nelore breed (a specific group of SNPs that will be henceforth termed
SFNBs–SNPs Failed in Nelore Breed). Further investigation has shown that, within the flanking
regions of these 3,200 SFNBs, there were 3,300 novel SNPs/Indels, from which 31% are located
on regions containing genes. In the following sections, we present results confirming that
SFNBs actually reveal divergent genomic variants between the Bos taurus and Bos indicus sub-
species, and that these genomic variants observed in Nelore cattle (GVON)s can be found
within genes that may affect production traits of importance for genetic improvement in cattle.
Materials and Methods
Animals
Specific approval from an Animal Care and Use Committee was not obtained for this study
because samples had been previously collected as part of a commercial testing operation and
no new animals had to be handled. The experiment was performed on genotyping data gener-
ated from DNA samples that had been previously collected. DNA was extracted from semen
samples obtained from commercial companies from bulls that are in the market, and from hair
and venous blood samples obtained from animals in commercial farms, as part of routine ani-
mal handling and testing procedures. Tissues were processed with standard commercial kits.
The report is not intended to be a field study and none of the authors were involved in sample
collection.
SNP Genotyping and Data Analysis
A total of 1,709 Nelore samples were genotyped with the Illumina Bovine HD Genotyping
BeadChip in a commercial service lab. Genotyping failure frequency was estimated for all SNP
markers. Markers that failed to generate genotyping calls in all tested samples were identified
and submitted to further analysis.
NGS Data Generation and Analysis
A set of eight bulls representing historical sires in the Nelore breed were re-sequenced using
Illumina HiSeq2000 100-bp paired-end reads, with an average depth coverage of>20X.
Paired-end reads were mapped onto the UMD 3.1 reference bovine genome [11] through the
use of Bowtie with MAQ-like alignment policy [12]. Alignment files were sorted and indexed
using Samtools [13]. SNP and INDEL call procedures for each one of the 8 alignment files were
performed using samtools mpileup and bcftools. No distinction was made between variations
observed within Nelore sequences and between the taurine reference sequence and Nelore
WGS.
Genomic variations observed within 100bp upstream and downstream (accession
number at SRA: SRX973260, SRX973301, SRX973316, SRX973317, SRX973318, SRX973320,
SRX973322, SRX973378) from SFNBs were identified and annotated with the Variant Effect
Predictor (VEP) from Ensembl [14]. The Integrative Genomic Viewer (IGV–version 2.0.30)
developed by the Broad Institute [15] was used to visualize alignment files. Distance estimates
between the SNP assayed in the HD panel and the nearest observed Nelore-specific variant
were calculated.
Missing Genotypes in Nelore Cattle
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Probe Sequences and Analysis
The complete set of the Illumina BovineHD 50bp probe sequences was downloaded from the
manufacturer’s website. Each one of the 50bp probe sequences was blasted against the
UMD3.1 reference bovine genome. This procedure was necessary for the acquisition of both
the probes’ genomic start and end positions and their strand orientation. A C++ program was
developed to integrate all the aforementioned information and to classify observed genomic
variations according to their position in relation to each SFNB: 50bp Illumina probe target
sequence (P1), 50bp adjacent to P1 on the distal side of the assayed SNP, and the symmetrical
regions to P1 (S1) and P2 (S2) (see Fig 1).
Functional Annotation of SNP-Containing Genes
Fasta sequences of genes containing at least one identified SFNB were imported into Blast2GO
[16] (http://www.blast2go.de/) for automated functional annotation. The dataset was blasted
against NCBI nr database with default parameters (with an e-value threshold of 1e-03 and an
HSP length cut-off of 100) using blastx. Mapping of sequences to GO terms and GO term
assignments were performed using default parameters (an e-value hit filter of 1e-06, annotation
cut-off of 55 and a GO weight of 5). Annotations were further augmented using the Annex
function of the GO Annotation Toolbox [17]. InterProScan terms were obtained [18] and Kegg
pathway maps (http://www.genome.jp/kegg/pathway.html) were downloaded for all enzyme
codes. The same procedure was adopted for the automatic functional annotation of genes with
identified synonymous substitutions in flanking regions of assayed SNPs.
Results
A total of 3,200 SFNBs were identified in all of the 1,709 Nelore samples evaluated (Fig 2). The
number of SNPs observed to be missing in only part of the genotyped samples was minimal.
The number of observed SFNBs was not found to be evenly distributed across chromosomes
(Fig 3), and the correlation with chromosome size was estimated to be 0.58. Mean concordance
observed between genotype calls obtained from the Bovine HD BeadChip andWGS data from
eight animals was 99.5%.
Fig 4 summarizes the functional analysis performed with 3,183 SFNBs (17 SFNBs are
located on mtDNA, Y-specific regions or unmapped chromosomes and were not considered in
the subsequent analyses—see S1 Table). The analysis revealed that 2,068 SNPs (64.97%) are
located within intergenic regions (Fig 4) while 1,113 SNPs are located in intragenic regions:
751 SNPs (23.59%) are located within introns, 167 (5.25%) are upstream and 140 (4.4%) are
Fig 1. Regions defined for obtaining estimates of genomic variation. P1 represents the 50bp Illumina probe target sequence. P2 corresponds to the
50bp adjacent to P1 on the distal side of the assayed SNP. S1 and S2 are symmetrical to P1 and P2, respectively.
doi:10.1371/journal.pone.0136035.g001
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downstream of assayed SNPs, 21 (0.66%) are non-synonymous variants, 20 (0.63%) are synon-
ymous variants, 9 (0.28%) are located on 3’UTR regions, 3 (0.09%) are located on 5’UTR
regions, 2 (0.06%) result in stop loss variants and 2 (0.06%) were found to be located on non-
coding transcripts.
The SNP call procedure on flanking regions around assayed SNPs (Fig 1) revealed 8,840
SNPs/INDELs, 3,300 of which are novel (see S2 Table). A total of 8,737 SNPs were annotated
with VEP. A total of 2,807 (32.12%) SNPs were found within intragenic sequences. From these,
1,974 SNPs are located on introns, 424 and 335 SNPs are up and downstream from coding
sequences, respectively, and 74 SNPs are located on exons (Fig 5). A total of 14 SNPs were
observed within 3’UTRs and 6 SNPs within 5’UTR. Twenty-one synonymous substitutions
and 32 non-synonymous substitutions were observed in 20 different genes (Fig 5).
Fig 6 shows the number of non-redundant SFNBs across the P1, S1, P2, and S2 regions (see
S1 Table). Novel SNPs/INDELs were observed in the vicinity of 2,610 SFNBs (81.56%). Further
classification of these SNPs revealed that at least one novel SNP was observed in the P1 region
of 1,221 assayed SNPs, while 1,442, 1,373 and 1,441 SNPs were observed in the S1, P2, and P3
regions, respectively. Variants were observed within all four regions in 240 assayed SNPs.
Fig 2. Frequency of missing genotypes in Nelore cattle in a total of 1,709 samples tested with the Illumina Bovine HD.
doi:10.1371/journal.pone.0136035.g002
Missing Genotypes in Nelore Cattle
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Distance estimates between assayed SNPs and the nearest novel Nelore SNP/INDEL
observed in the resequencing data are shown in Fig 7. Variants were observed within 50bp and
100bp of the HD Illumina assayed SNP in a total of 7.68% and 21.32%, respectively.
Discussion
The distribution of the HD Illumina SNPs within bovine chromosomes is proportional to chro-
mosome size. If the chromosomal distribution of the SFNBs were random, we would expect
Fig 3. Distribution of SFNBs across bovine chromosomes.
doi:10.1371/journal.pone.0136035.g003
Fig 4. Functional characterization of 3,183 SNPmarkers derived from the Illumina Bovine HD panel that consistently generatedmissing
genotypes in the Nelore breed (SFNBs).
doi:10.1371/journal.pone.0136035.g004
Missing Genotypes in Nelore Cattle
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that larger chromosomes would contain higher numbers of SFNBs, but that was not observed
(Fig 3). In fact, BTA5 was found to have the highest number of SFNBs (n = 194), followed by
BTA15 (n = 163), BTA7 (n = 153), BTA4 (n = 152), BTA12 (n = 151), and BTA3 (n = 150). In
a recent study in which the same HD genotyping chip was used to search for divergent regions
between zebuine and taurine cattle [19], the authors reported large regions comprised of mil-
lions of base pairs, on BTA 3, 4, 5, 7, and 12. The divergent regions were ranked in the top 1%
for values of loci under positive selection. Even though BTA1 represents the largest chromo-
some in the bovine genome, it is absent from both lists. BTA15 was identified in our list but
not in the previous study. The described methodology only included SNPs with more than
95% successful genotypes, and therefore we are led to conclude that all SFNBs were discarded
from this study [19]. Additional genomic regions divergent between taurine and zebuine cattle
have also been reported on BTA 3, 4, 5, 7, 12, and 15 [20]. Even though three distinct strategies
were used in [19], [20] and the present report, the same chromosomes were identified to con-
tain divergent regions between taurine and zebuine cattle, reinforcing that complementary
results can be obtained with different methods. The use of missing genotypes in our analysis
captured fine-grained information overlooked by traditional selection signature methods.
SFNBs could result from hybridization problems caused by technical issues on the chip and/
or genotyping probes, rather than the presence of genomic variations within flanking regions.
In these cases specific markers should always fail, in whichever breed or population tested. To
test this possibility, we used HD Illumina genotypes from 52 animals (http://www.
animalgenome.org/repository/cattle/Illinoi_Beever_Project.2012/) from different cattle breeds
(Angus, Simmental and crossbreds) and confirmed that 3,019 out of the 3,200 SFNBs worked
in most samples tested (see S3 Table). Moreover, this confounding factor was minimized even
more in the current study by using NGS re-sequencing data to identify sequence variations
within the vicinity of each selected locus that could explain the hybridization failure. At least
one GVON was observed within 100bp in 81.56% of SFNBs, which could directly or indirectly
[8] affect binding of genotyping probes. NGS resequencing data revealed GVONs 100bp up or
downstream in only 21.32% of the Illumina Bovine HD SNPs. Therefore, the probability of
observing a variant in the Nelore breed within an SFNB is almost four times higher than that of
any other SNP in the Illumina HD panel. The odds are higher still when the region is reduced
to less than 50bp. GVONs were observed within 62,53% of the 3,200 SFNBs when the P1 and
S1 regions were considered. Furthermore, GVONs were observed within 50bp of the assayed
Fig 5. Functional characterization of 8,837 SNPs and INDELs identified within 100bp regions flanking SNPs assayed in the HD panel.
doi:10.1371/journal.pone.0136035.g005
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SNPs in the Illumina HD panel in only 7.68% of cases. Therefore, it can be concluded that the
presence of a GVON within 50bp of a SNP in the Illumina HD panel is eight times more likely
to occur when we consider one of the 3,200 SFNBs. Thus, SFNBs can be considered good indi-
cators of genomic regions containing variants between Bos taurus and Bos indicus subspecies.
Genotyping failure in 18.44% of SFNBs could not be explained by SNP or INDEL variants
within 100bp up or downstream of the respective SNP´s. Genotyping failure was also observed
in other tested breeds (S3 Table) in a total of 59 of these SNPs, suggesting technical issues in
probe manufacturing may be the cause for observed missing genotypes. The remaining 531
SFNBs may have been caused by other types of genomic variations further away from assayed
SNPs which could not be elucidated with the analyzed data.
GO annotation of SFNB-containing genes revealed several categories, including biological
regulation, response to stimuli, signaling, immune system processes, growth, and reproduction
(Fig 8). Genes involved in these biological processes are responsible for phenotypic differences
that have already been described between taurine and zebuine cattle and which are target traits
in breeding programs, such as reproductive function (age of puberty, estrous cycle patterns and
Fig 6. Number of non-redundant SFNBs in regions flanking SNPs assayed in the Illumina Bovine HD panel (see S1 Table).
doi:10.1371/journal.pone.0136035.g006
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behavior, ovulatory capacity, reproductive hormone levels, mean number of preantral follicles)
[21], resistance to endo- and ecto-parasites [22], response to heat-stress [23], susceptibility to
bovine spongiform encephalopathy [24], and growth, carcass, and meat quality traits [25].
Among the SFNB-containing genes found (S2 Table), some noteworthy genes include PPARG
(peroxisome proliferator-activated receptor gamma), which is the main regulator of adipogen-
esis and which is involved in intramuscular fat deposition (marbling) [26–30] and has been
associated with age of puberty [31] in cattle. The genes found also included CAST genes (cal-
pastatins) and calpain (CAPN) inhibitors, which are both accountable for post-mortem muscle
fiber proteolysis and associated with shear force and tenderness in the skeletal muscles [32, 33].
Major histocompatibility complex (MHC) class I- (MR1) and class II-related genes
(BOLA-DRB3, BOLA-DQA1, BOLA-DQA2), which are central to immunity and are among
the most polymorphic genes known [34], were also found. Other SFNB-containing genes
involved in the immune system that were identified include T-cell receptors, a TCR-α chain
(which reacts with antigenic protein peptides in the context of self major histocompatibility
complex (MHC) proteins), and a TCR-γ chain (which reacts with proteins that do not involve
MHC presentation) [35], and CD6, a T-cell surface protein that regulates antigen-specific
responses through cell-cell contact [36]. Considering the 8,737 SNPs identified in SFNB flank-
ing regions annotated with VEP, 32 SNPs out of the 74 SNPs that were found to be located
within exons resulted in non-synonymous substitutions (Table 1). An extreme case of non-syn-
onymous mutation is shown in Fig 9. In the flanking regions of the BovineHD0500032585
SNP, there are 7 interspecies mutations, 6 of which are non-synonymous and only 1 of which
is synonymous. The BovineHD0500032585 SNP is located on BTA5 at position 112,843,452 bp
within an exon of EP300 (Table 1). According to Gayther et al. [37], EP300 regulates transcrip-
tion through chromatin remodeling and plays a major role in cell proliferation and differentia-
tion processes. Furthermore, in cattle, this gene has been associated with lipid metabolism [38],
Fig 7. Mean frequency and standard deviation of the nearest Nelore SNPs within 50bp and 100bp size bins.
doi:10.1371/journal.pone.0136035.g007
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which is important in beef cattle meat quality. Another extreme case of non-synonymous
mutations was observed in the flanking regions of BovineHD0100043813: there are 4 non-syn-
onymous SNPs within an exon of the RIPPLY3 gene. The literature on this gene is scarce, but a
recent study has shown that it is a repressor of the Tbx1 gene, which plays a major role in mor-
phogenesis. It is also required for the development of the pharyngeal apparatus in mice [39],
which is essential for eating and respiration.
A large number of olfactory receptor genes (OR) was found to contain SNPs that result in
non-synonymous substitutions as well (Table 1). Vertebrate olfactory receptors (OR) are G-
protein linked transmembrane receptors that constitute the largest superfamily in the mamma-
lian genome [40], with genes located in genomic clusters dispersed over different chromosomes
[41]. In the animal kingdom, the sense of smell plays a major role in survival and reproduction.
For this reason, animals need to detect and discriminate a large number of chemical
Fig 8. GO annotation of biological processes affected by genes that were identified by SFNBs from the Illumina Bovine HD panel.
doi:10.1371/journal.pone.0136035.g008
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compounds [42]. In mammalian evolution, in a change that was likely due to the need to adapt
to different environments, the number of OR genes varies widely [43]. As reviewed by Iskow
et al. [44], many CNVs in humans include genes or gene families that may have been under
positive selection and which also allow for the adaptation to new environments and challenges.
Recent CNV studies in cattle revealed a large number of genes from the OR family in these
regions [45–53]. The OR gene repertoire in cattle was identified and analyzed by Lee et al. [41].
The authors suggest that the study of OR variation within species is likely to reveal important
biological information associated with traits of for determining the economic importance for
livestock production. A non-synonymous mutation flanking BovineHD2000016716 was also
observed within a gene affecting the respiratory system. DNAH5 is associated with the onset of
Primary Ciliary Dyskinesia (PCD), a respiratory disease characterized by recurrent infections
of the respiratory tract and sperm immobility [54].
Our study has shown that often-discarded missing genotypes can be effectively used to
identify population-specific genomic variants which in turn can be used in a wide range of appli-
cations. Although whole-genome shotgun sequences can be used to identify the underlying
mutations associated with missing genotypes, more cost-effective approaches based on targeted
re-sequencing could be used more efficiently, minimizing demands for complex bioinformatics
procedures. Recent studies comparing genotyping data from different tissues from the same
Fig 9. IGV screenshot image. The double vertical lines indicate the BovineHD0500032585 SNP position. Colored positions indicate flanking SNPs. There
are 6 non-synonymous SNPs and 1 synonymous SNP (4th column from left).
doi:10.1371/journal.pone.0136035.g009
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individual have shown compelling evidence that it is possible to observe tissue-dependent geno-
types [55–59]. In this regard, HD genotyping data allows for not only the identification of discor-
dant tissue-dependent genotypes, but also the discovery of new genomic variants as well. We
acknowledge that only those variant loci near known SNPs can be discovered, which is a non-
negligible weakness. This implies that the chances of success in finding new genomic variants rise
as the number of genotyping probes within the chip increases. Companies that manufacture gen-
otyping chips could develop denser HD genotyping chips and minimize this weakness by design-
ing probes to cover every non-repetitive loci in the genome under study. This prospect is a trend
at least in humans as the CytoScanHDHuman array from Affymetrix has 2.67 million probes,
1.9 of which are non-polymorphic and designed to empower the results of CNV studies, but
which are also compatible with our approach. Thus, the odds of success are therefore higher for
the human model, since it has the heaviest density of any SNP panel currently available. The
majority of most frequent genomic variants has already been identified in humans however,
underlying mutations such as those found in the rare genetic diseases or harmful somatic muta-
tions are likely to be rare. Missing genotype data could be used as a complementary approach to
search for these mutations, as discussed in the following paragraphs.
In human case-control studies HD genotyping data is usually used to identify genotypes or
genomic regions associated with a given disease considering two clear premises: (i) patients
(cases) were necessarily born with the affected/susceptible genotype; and (ii) the associated
genetic marker(s) must be assayed on the HD genotyping chip, or at least be in linkage disequi-
librium (LD) with a SNP that is. Most hereditary diseases satisfy the first premise, and the latter
is likely to hold true because the most frequent human polymorphisms have been uncovered
by the NGS re-sequencing of thousands of samples from different populations [60, 61]. There-
fore, it is more likely that causative mutations will be in LD with SNPs in the HD panels, rather
than actually being the SNP on the HD panels. In these cases, the best result that classical
approaches can initially deliver is a large genomic region associated with the disease. If the
objective is to actually find the causative mutation, then the best way to do so is arguably to re-
sequence some affected individuals [62]. Because of the sheer number of rare genetic diseases,
however, this is not always an affordable option [63]. In cases in which the position of causative
mutations are unknown, and considering the fact that the HD genotyping data of some indi-
vidual cases are already available, we strongly recommend the use of missing genotype data as
a complementary method to identify associated genomic variants. If by chance the causative
mutation is within flanking regions of an assayed SNP, it should be identified. Clearly, the best
candidate variants would be those present in all affected individuals and not present in the con-
trols. This simple filtering strategy and some additional biological knowledge on the disease
should be sufficient for reducing the number of candidate markers for further investigation.
In addition to heritable disease-causing mutations, random or induced DNA alterations
may appear in somatic cells after birth and may result in severe illness, such as some cancer
types [64, 65]. In these cases, the “causative mutation” need not be one mutation but can be
represented by several mutations [66]. Sometimes, the knowledge of the most common and
consistent variant loci may provide some insight into the diagnostic test, or even a possible
treatment. With minor adaptations, our strategy could be used to determine the most frequent
mutations. The adaptations that are required by the new premises are as follows: (i) the
mutated genotypes appeared after birth; and (ii) there are several mutated loci. From the first
premise, instead of N controls and N cases, it is only necessary to have N cases; for the second,
the scope of the search should include a set of recurring mutations. From the knowledge of the
disease, it should be possible to isolate normal tissues from affected ones. Thus, each individual
will actually be simultaneously a case and a control through its contribution of both normal
(actual birth genotype) and affected tissue (acquired mutations) samples. This strategy has already
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been used with NGS data [67, 68], but it is relatively expensive. High costs negatively affects the
number of samples tested, and the strategy requires complex and time-consuming bioinformatics
analyses. If the disease is caused by the same set of mutations, every descending affected tissue
sample will consequently have them, even though additional newmutations will likely be acquired
subsequently. Unlike NGS sequencing technologies, through which these last spurious mutations
will result in high noise, these spurious mutations are invisible in genotyping technologies. They
should be much less frequent than the primary mutations, and unaffected cells would deliver
non-mutant DNA that would certainly hybridize to assay probes. Thus, only the frequent muta-
tions are detected through this genotyping technique. This is an advantage when the ultimate goal
is to identify genomic variants present in all affected samples both from the same individual and
among various individuals. To reduce the number of candidate loci, the first filter should exclude
all missing genotypes present in both normal and affected samples, because they most likely reflect
population divergences or technical problems in the chip and therefore cannot be taken as dis-
ease-related mutations. The remaining loci may be viewed as a putative “disease mutation map,”
or the most frequent variant loci that should be investigated further.
Missing genotypes have been predominantly considered an issue to be addressed through
imputation-like methods [69, 70]. Only a handful of studies recognized that they could carry
relevant indirect information such as the identification of deletion polymorphisms [71, 72].
These latest approaches resemble ours, since they actually use missing genotypes instead of dis-
carding them, but do not necessarily harness all of the potential information that missing geno-
types could provide. To the best of our knowledge, our work is the first to successfully show
this potential and to demonstrate that missing genotypes could indeed have significant value.
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(XLSX)
S2 Table. Complete list of SNPs/INDELs flanking SFNBs identified in resequencing data.
(XLSX)
S3 Table. Genotypes from 52 animals from different cattle breeds (Angus, Simmental and
crossbreds) and confirmed that 3,019 out of the 3,200 SFNBs.
(XLSX)
Acknowledgments
We would like to thank EMBRAPAMultiuser Bioinformatics Lab (Laboratório Multiusuário
de Bioinformática da Embrapa) for providing additional computational infrastructure.
Author Contributions
Conceived and designed the experiments: JMS PFG ARCMEBY. Performed the experiments:
JMS MEBY. Analyzed the data: JMS PFG LCCMEBY. Contributed reagents/materials/analysis
tools: LOCS SRP ARC. Wrote the paper: JMS PFG SRP ARCMEBY.
References
1. Nielsen R, Paul JS, Albrechtsen A, Song YS. Genotype and SNP calling from next-generation
sequencing data. Nature Reviews Genetics. 2011; 12(6):443–51. doi: 10.1038/nrg2986 PMID:
WOS:000290714000014.
Missing Genotypes in Nelore Cattle
PLOS ONE | DOI:10.1371/journal.pone.0136035 August 25, 2015 14 / 18
2. Van Tassell CP, Smith TPL, Matukumalli LK, Taylor JF, Schnabel RD, Lawley CT, et al. SNP discovery
and allele frequency estimation by deep sequencing of reduced representation libraries. Nature Meth-
ods. 2008; 5(3):247–52. doi: 10.1038/nmeth.1185 PMID: WOS:000253777900018.
3. Johnston SE, Lindqvist M, Niemela E, Orell P, Erkinaro J, Kent MP, et al. Fish scales and SNP chips:
SNP genotyping and allele frequency estimation in individual and pooled DNA from historical samples
of Atlantic salmon (Salmo salar). Bmc Genomics. 2013; 14. doi: 10.1186/1471-2164-14-439 PMID:
WOS:000321860000001.
4. van Poecke RMP, Maccaferri M, Tang J, Truong HT, Janssen A, van Orsouw NJ, et al. Sequence-
based SNP genotyping in durum wheat. Plant Biotechnology Journal. 2013; 11(7):809–17. doi: 10.
1111/pbi.12072 PMID: WOS:000323253900005.
5. Parida SK, Mukerji M, Singh AK, Singh NK, Mohapatra T. SNPs in stress-responsive rice genes: valida-
tion, genotyping, functional relevance and population structure. Bmc Genomics. 2012; 13. doi: 10.
1186/1471-2164-13-426 PMID: WOS:000315031500001.
6. Song Q, Hyten DL, Jia G, Quigley CV, Fickus EW, Nelson RL, et al. Development and Evaluation of
SoySNP50K, a High-Density Genotyping Array for Soybean. Plos One. 2013; 8(1). doi: 10.1371/
journal.pone.0054985 PMID: WOS:000315210400050.
7. Redon R, Ishikawa S, Fitch KR, Feuk L, Perry GH, Andrews TD, et al. Global variation in copy number
in the human genome. Nature. 2006; 444(7118):444–54. doi: 10.1038/nature05329 PMID:
WOS:000242215700038.
8. Lam C-w, Mak CM. Allele dropout caused by a non-primer-site SNV affecting PCR amplification—A
call for next-generation primer design algorithm. Clinica Chimica Acta. 2013; 421:208–12. doi: 10.1016/
j.cca.2013.03.014 PMID: WOS:000320220900039.
9. Burt DW. The cattle genome reveals its secrets. J Biol. 2009; 8(4):36. doi: 10.1186/jbiol137 PMID:
19439025; PubMed Central PMCID: PMCPMC2688908.
10. Bradley DG, MacHugh DE, Cunningham P, Loftus RT. Mitochondrial diversity and the origins of African
and European cattle. Proceedings of the National Academy of Sciences of the United States of Amer-
ica. 1996; 93(10):5131–5. doi: 10.1073/pnas.93.10.5131 PMID: WOS:A1996UL25500112.
11. Zimin AV, Delcher AL, Florea L, Kelley DR, Schatz MC, Puiu D, et al. A whole-genome assembly of the
domestic cow, Bos taurus. Genome Biology. 2009; 10(4). doi: 10.1186/gb-2009-10-4-r42 PMID:
WOS:000266544600014.
12. Langmead B, Trapnell C, Pop M, Salzberg SL. Ultrafast and memory-efficient alignment of short DNA
sequences to the human genome. Genome Biology. 2009; 10(3). doi: 10.1186/gb-2009-10-3-r25
PMID: WOS:000266544500005.
13. Li H, Handsaker B, Wysoker A, Fennell T, Ruan J, Homer N, et al. The Sequence Alignment/Map for-
mat and SAMtools. Bioinformatics. 2009; 25(16):2078–9. doi: 10.1093/bioinformatics/btp352 PMID:
WOS:000268808600014.
14. McLarenW, Pritchard B, Rios D, Chen Y, Flicek P, Cunningham F. Deriving the consequences of geno-
mic variants with the Ensembl API and SNP Effect Predictor. Bioinformatics. 2010; 26(16):2069–70.
doi: 10.1093/bioinformatics/btq330 PMID: WOS:000280703500026.
15. Thorvaldsdottir H, Robinson JT, Mesirov JP. Integrative Genomics Viewer (IGV): high-performance
genomics data visualization and exploration. Briefings in Bioinformatics. 2013; 14(2):178–92. doi: 10.
1093/bib/bbs017 PMID: WOS:000316694700006.
16. Gotz S, Garcia-Gomez JM, Terol J, Williams TD, Nagaraj SH, Nueda MJ, et al. High-throughput func-
tional annotation and data mining with the Blast2GO suite. Nucleic Acids Research. 2008; 36
(10):3420–35. doi: 10.1093/nar/gkn176 PMID: WOS:000257183200025.
17. Myhre S, Tveit H, Mollestad T, Laegreid A. Additional Gene Ontology structure for improved biological
reasoning. Bioinformatics. 2006; 22(16):2020–7. doi: 10.1093/bioinformatics/btl334 PMID:
WOS:000239900200013.
18. McWilliam H, Li W, Uludag M, Squizzato S, Park YM, Buso N, et al. Analysis Tool Web Services from
the EMBL-EBI. Nucleic Acids Research. 2013; 41(W1):W597–W600. doi: 10.1093/nar/gkt376 PMID:
WOS:000323603200095.
19. Porto-Neto LR, Sonstegard TS, Liu GE, Bickhart DM, Da Silva MVB, Machado MA, et al. Genomic
divergence of zebu and taurine cattle identified through high-density SNP genotyping. Bmc Genomics.
2013; 14. doi: 10.1186/1471-2164-14-876 PMID: WOS:000328649800001.
20. O'Brien AMP, Utsunomiya YT, Meszaros G, Bickhart DM, Liu GE, Van Tassell CP, et al. Assessing sig-
natures of selection through variation in linkage disequilibrium between taurine and indicine cattle.
Genetics Selection Evolution. 2014; 46:19–. PMID: CCC:000335067100002.
21. Silva-Santos KC, Siloto LS, Santos GMG, Morotti F, Marcantonio TN, Seneda MM. Comparison of
Antral and Preantral Ovarian Follicle Populations Between Bos indicus and Bos indicus-taurus Cows
Missing Genotypes in Nelore Cattle
PLOS ONE | DOI:10.1371/journal.pone.0136035 August 25, 2015 15 / 18
with High or Low Antral Follicles Counts. Reproduction in Domestic Animals. 2014; 49(1):48–51. doi:
10.1111/rda.12222 PMID: WOS:000329677300011.
22. Piper EK, Jonsson NN, Gondro C, Lew-Tabor AE, Moolhuijzen P, Vance ME, et al. Immunological Pro-
files of Bos taurus and Bos indicus Cattle Infested with the Cattle Tick, Rhipicephalus (Boophilus)
microplus. Clinical and Vaccine Immunology. 2009; 16(7):1074–86. doi: 10.1128/cvi.00157-09 PMID:
WOS:000267747700017.
23. Beatty DT, Barnes A, Taylor E, Pethick D, McCarthy M, Maloney SK. Physiological responses of Bos
taurus and Bos indicus cattle to prolonged, continuous heat and humidity. Journal of Animal Science.
2006; 84(4):972–85. PMID: WOS:000236658600023.
24. Brunelle BW, Greenlee JJ, Seabury CM, Brown CE II, Nicholson EM. Frequencies of polymorphisms
associated with BSE resistance differ significantly between Bos taurus, Bos indicus, and composite cat-
tle. Bmc Veterinary Research. 2008; 4. doi: 10.1186/1746-6148-4-36 PMID: WOS:000260334000001.
25. Bolormaa S, Pryce JE, Kemper KE, Hayes BJ, Zhang Y, Tier B, et al. Detection of quantitative trait loci
in Bos indicus and Bos taurus cattle using genome-wide association studies. Genetics Selection Evolu-
tion. 2013; 45. doi: 10.1186/1297-9686-45-43 PMID: WOS:000329409200002.
26. Graugnard DE, Piantoni P, Bionaz M, Berger LL, Faulkner DB, Loor JJ. Adipogenic and energy metab-
olism gene networks in longissimus lumborum during rapid post-weaning growth in Angus and Angus x
Simmental cattle fed high-starch or low-starch diets. Bmc Genomics. 2009; 10. doi: 10.1186/1471-
2164-10-142 PMID: WOS:000265793500001.
27. Huang Y, Das AK, Yang Q-Y, Zhu M-J, Du M. Zfp423 Promotes Adipogenic Differentiation of Bovine
Stromal Vascular Cells. Plos One. 2012; 7(10). doi: 10.1371/journal.pone.0047496 PMID:
WOS:000312385200120.
28. Duarte MS, Paulino PVR, Das AK, Wei S, Serao NVL, Fu X, et al. Enhancement of adipogenesis and
fibrogenesis in skeletal muscle of Wagyu compared with Angus cattle. Journal of Animal Science.
2013; 91(6):2938–46. doi: 10.2527/jas.2012-5892 PMID: WOS:000319701200050.
29. Lee H-J, Jang M, Kim H, KwakW, Park W, Hwang JY, et al. Comparative Transcriptome Analysis of
Adipose Tissues Reveals that ECM-Receptor Interaction Is Involved in the Depot-Specific Adipogen-
esis in Cattle. Plos One. 2013; 8(6). doi: 10.1371/journal.pone.0066267 PMID:
WOS:000320846500036.
30. Moisá SJ, Shike DW, Faulkner DB, Meteer WT, Keisler D, Loor JJ. Central Role of the PPARγGene
Network in Coordinating Beef Cattle Intramuscular Adipogenesis in Response to Weaning Age and
Nutrition. Gene Regul Syst Bio. 2014; 8:17–32. doi: 10.4137/GRSB.S11782 PMID: 24516329; PubMed
Central PMCID: PMCPMC3894150.
31. Fortes MRS, Reverter A, Zhang Y, Collis E, Nagaraj SH, Jonsson NN, et al. Association weight matrix
for the genetic dissection of puberty in beef cattle. Proceedings of the National Academy of Sciences of
the United States of America. 2010; 107(31):13642–7. doi: 10.1073/pnas.1002044107 PMID:
WOS:000280605900019.
32. Muroya S, Neath KE, Nakajima I, Oe M, Shibata M, Ojima K, et al. Differences in mRNA expression of
calpains, calpastatin isoforms and calpain/calpastatin ratios among bovine skeletal muscles. Animal
Science Journal. 2012; 83(3):252–9. doi: 10.1111/j.1740-0929.2011.00954.x PMID:
WOS:000301773500011.
33. Nattrass GS, Cafe LM, McIntyre BL, Gardner GE, McGilchrist P, Robinson DL, et al. A post-transcrip-
tional mechanism regulates calpastatin expression in bovine skeletal muscle. Journal of Animal Sci-
ence. 2014; 92(2):443–55. doi: 10.2527/jas.2013-6978 PMID: WOS:000331106400006.
34. Ellis SA, Hammond JA. The Functional Significance of Cattle Major Histocompatibility Complex Class I
Genetic Diversity. Annual Review of Animal Biosciences, Vol 2. 2014;2:285–306. doi: 10.1146/
annurev-animal-022513-114234 PMID: WOS:000336052100014.
35. Herzig CTA, Lefranc M-P, Baldwin CL. Annotation and classification of the bovine T cell receptor delta
genes. Bmc Genomics. 2010; 11. doi: 10.1186/1471-2164-11-100 PMID: WOS:000276362500001.
36. Hassan NJ, Simmonds SJ, Clarkson NG, Hanrahan S, Puklavec MJ, BombM, et al. CD6 regulates T-
Cell responses through activation-dependent recruitment of the positive regulator SLP-76. Molecular
and Cellular Biology. 2006; 26(17):6727–38. doi: 10.1128/mcb.00688-06 PMID:
WOS:000239848800034.
37. Gayther SA, Batley SJ, Linger L, Bannister A, Thorpe K, Chin SF, et al. Mutations truncating the EP300
acetylase in human cancers. Nature Genetics. 2000; 24(3):300–3. doi: 10.1038/73536 PMID:
WOS:000085590600025.
38. Romao JM, Jin W, He M, McAllister T, Guan LL. MicroRNAs in bovine adipogenesis: genomic context,
expression and function. Bmc Genomics. 2014; 15. doi: 10.1186/1471-2164-15-137 PMID:
WOS:000332601300001.
Missing Genotypes in Nelore Cattle
PLOS ONE | DOI:10.1371/journal.pone.0136035 August 25, 2015 16 / 18
39. Okubo T, Kawamura A, Takahashi J, Yagi H, Morishima M, Matsuoka R, et al. Ripply3, a Tbx1 repres-
sor, is required for development of the pharyngeal apparatus and its derivatives in mice. Development.
2011; 138(2):339–48. doi: 10.1242/dev.054056 PMID: WOS:000285502300016.
40. Buck L, Axel R. A NOVELMULTIGENE FAMILYMAY ENCODEODORANT RECEPTORS—A
MOLECULAR-BASIS FORODORRECOGNITION. Cell. 1991; 65(1):175–87. doi: 10.1016/0092-8674
(91)90418-x PMID: WOS:A1991FF77300019.
41. Lee K, Nguyen DT, Choi M, Cha SY, Kim JH, Dadi H, et al. Analysis of cattle olfactory subgenome: the
first detail study on the characteristics of the complete olfactory receptor repertoire of a ruminant. Bmc
Genomics. 2013; 14:11. doi: 10.1186/1471-2164-14-596 PMID: WOS:000324058500001.
42. Fleischer J, Breer H, Strotmann J. Mammalian olfactory receptors. Frontiers in Cellular Neuroscience.
2009; 3. doi: 10.3389/neuro.03.009.2009 PMID: WOS:000283741500003.
43. Niimura Y, Nei M. Extensive Gains and Losses of Olfactory Receptor Genes in Mammalian Evolution.
Plos One. 2007; 2(8). doi: 10.1371/journal.pone.0000708 PMID: WOS:000207452400011.
44. Iskow RC, Gokcumen O, Lee C. Exploring the role of copy number variants in human adaptation.
Trends in Genetics. 2012; 28(6):245–57. doi: 10.1016/j.tig.2012.03.002 PMID:
WOS:000305094000001.
45. Shin D-H, Lee H-J, Cho S, Kim HJ, Hwang JY, Lee C-K, et al. Deleted copy number variation of Han-
woo and Holstein using next generation sequencing at the population level. Bmc Genomics. 2014; 15.
doi: 10.1186/1471-2164-15-240 PMID: WOS:000334951500003.
46. Matukumalli LK, Lawley CT, Schnabel RD, Taylor JF, Allan MF, Heaton MP, et al. Development and
Characterization of a High Density SNP Genotyping Assay for Cattle. Plos One. 2009; 4(4). doi: 10.
1371/journal.pone.0005350 PMID: WOS:000265514400020.
47. Liu GE, Hou Y, Zhu B, Cardone MF, Jiang L, Cellamare A, et al. Analysis of copy number variations
among diverse cattle breeds. Genome Research. 2010; 20(5):693–703. doi: 10.1101/gr.105403.110
PMID: WOS:000277244800015.
48. Bickhart DM, Hou Y, Schroeder SG, Alkan C, Cardone MF, Matukumalli LK, et al. Copy number varia-
tion of individual cattle genomes using next-generation sequencing. Genome Research. 2012; 22
(4):778–90. doi: 10.1101/gr.133967.111 PMID: WOS:000302203800018.
49. Seroussi E, Glick G, Shirak A, Yakobson E,Weller JI, Ezra E, et al. Analysis of copy loss and gain varia-
tions in Holstein cattle autosomes using BeadChip SNPs. Bmc Genomics. 2010; 11. doi: 10.1186/
1471-2164-11-673 PMID: WOS:000285512300001.
50. Hou Y, Bickhart DM, Hvinden ML, Li C, Song J, Boichard DA, et al. Fine mapping of copy number varia-
tions on two cattle genome assemblies using high density SNP array. Bmc Genomics. 2012; 13. doi:
10.1186/1471-2164-13-376 PMID: WOS:000315737700001.
51. Jiang L, Jiang J, Wang J, Ding X, Liu J, Zhang Q. Genome-Wide Identification of Copy Number Varia-
tions in Chinese Holstein. Plos One. 2012; 7(11). doi: 10.1371/journal.pone.0048732 PMID:
WOS:000311935800115.
52. Jiang L, Jiang J, Yang J, Liu X, Wang J, Wang H, et al. Genome-wide detection of copy number varia-
tions using high-density SNP genotyping platforms in Holsteins. Bmc Genomics. 2013; 14. doi: 10.
1186/1471-2164-14-131 PMID: WOS:000318516500001.
53. Liu L, Li Y, Li S, Hu N, He Y, Pong R, et al. Comparison of Next-Generation Sequencing Systems. Jour-
nal of Biomedicine and Biotechnology. 2012. doi: 10.1155/2012/251364 PMID:
WOS:000307669100001.
54. Olbrich H, Haffner K, Kispert A, Volkel A, Volz A, Sasmaz G, et al. Mutations in DNAH5 cause primary
ciliary dyskinesia and randomization of left-right and asymmetry. Nature Genetics. 2002; 30(2):143–4.
doi: 10.1038/ng817 PMID: WOS:000173708700010.
55. Li C, Williams SM. Human Somatic Variation: It’s Not Just for Cancer Anymore. Current Genetic Medi-
cine Reports: Springer US; 2013. p. 212–8.
56. Lupski JR. GenomeMosaicism-One Human, Multiple Genomes. Science. 2013; 341(6144):358–9. doi:
10.1126/science.1239503 PMID: WOS:000322259200037.
57. O'Huallachain M, Weissman SM, Snyder MP. The variable somatic genome. Cell Cycle. 2013; 12(1):5–
6. doi: 10.4161/cc.23069 PMID: WOS:000313414700003.
58. Diwan D, Komazaki S, Suzuki M, Nemoto N, Aita T, Satake A, et al. Systematic genome sequence dif-
ferences among leaf cells within individual trees. Bmc Genomics. 2014; 15. doi: 10.1186/1471-2164-
15-142 PMID: WOS:000332601800003.
59. Macaulay IC, Voet T. Single Cell Genomics: Advances and Future Perspectives. Plos Genetics. 2014;
10(1). doi: 10.1371/journal.pgen.1004126 PMID: WOS:000336525000069.
Missing Genotypes in Nelore Cattle
PLOS ONE | DOI:10.1371/journal.pone.0136035 August 25, 2015 17 / 18
60. Hinds DA, Stuve LL, Nilsen GB, Halperin E, Eskin E, Ballinger DG, et al. Whole-genome patterns of
common DNA variation in three human populations. Science. 2005; 307(5712):1072–9. doi: 10.1126/
science.1105436 PMID: WOS:000227197300038.
61. Altshuler D, Durbin RM, Abecasis GR, Bentley DR, Chakravarti A, Clark AG, et al. A map of human
genome variation from population-scale sequencing. Nature. 2010; 467(7319):1061–73. doi: 10.1038/
nature09534 PMID: WOS:000283548600039.
62. DePristo MA, Banks E, Poplin R, Garimella KV, Maguire JR, Hartl C, et al. A framework for variation dis-
covery and genotyping using next-generation DNA sequencing data. Nature Genetics. 2011; 43
(5):491–+. doi: 10.1038/ng.806 PMID: WOS:000289972600023.
63. Griggs RC, BatshawM, Dunkle M, Gopal-Srivastava R, Kaye E, Krischer J, et al. Clinical research for
rare disease: Opportunities, challenges, and solutions. Molecular Genetics and Metabolism. 2009; 96
(1):20–6. doi: 10.1016/j.ymgme.2008.10.003 PMID: WOS:000262731900004.
64. Langemeijer SMC, Kuiper RP, Berends M, Knops R, Aslanyan MG, Massop M, et al. Acquired muta-
tions in TET2 are common in myelodysplastic syndromes. Nature Genetics. 2009; 41(7):838–U102.
doi: 10.1038/ng.391 PMID: WOS:000267786200017.
65. Mardis ER, Ding L, Dooling DJ, Larson DE, McLellan MD, Chen K, et al. Recurring Mutations Found by
Sequencing an Acute Myeloid Leukemia Genome. New England Journal of Medicine. 2009; 361
(11):1058–66. doi: 10.1056/NEJMoa0903840 PMID: WOS:000269659400008.
66. Duesberg P. Chromosomal chaos and cancer. Scientific American. 2007; 296(5):52–9. PMID:
WOS:000245910900030.
67. Timmermann B, Kerick M, Roehr C, Fischer A, Isau M, Boerno ST, et al. Somatic Mutation Profiles of
MSI and MSS Colorectal Cancer Identified byWhole Exome Next Generation Sequencing and Bioinfor-
matics Analysis. Plos One. 2010; 5(12). doi: 10.1371/journal.pone.0015661 PMID:
WOS:000285578000042.
68. Ouyang L, Lee J, Park C-K, Mao M, Shi Y, Gong Z, et al. Whole-genome sequencing of matched pri-
mary and metastatic hepatocellular carcinomas. Bmc Medical Genomics. 2014; 7. doi: 10.1186/1755-
8794-7-2 PMID: WOS:000331817800001.
69. Li H, Durbin R. Fast and accurate short read alignment with Burrows-Wheeler transform. Bioinformat-
ics. 2009; 25(14):1754–60. doi: 10.1093/bioinformatics/btp324 PMID: WOS:000267665900006.
70. Graffelman J, Sanchez M, Cook S, Moreno V. Statistical Inference for Hardy-Weinberg Proportions in
the Presence of Missing Genotype Information. Plos One. 2013; 8(12). doi: 10.1371/journal.pone.
0083316 PMID: WOS:000329325200049.
71. Conrad DF, Andrews TD, Carter NP, Hurles ME, Pritchard JK. A high-resolution survey of deletion poly-
morphism in the human genome. Nature Genetics. 2006; 38(1):75–81. doi: 10.1038/ng1697 PMID:
WOS:000234227200020.
72. Crooks L, Carlborg O, Marklund S, Johansson AM. Identification of Null Alleles and Deletions from
SNP Genotypes for an Intercross Between Domestic and Wild Chickens. G3-Genes Genomes Genet-
ics. 2013; 3(8):1253–60. doi: 10.1534/g3.113.006643 PMID: WOS:000322822300008.
Missing Genotypes in Nelore Cattle
PLOS ONE | DOI:10.1371/journal.pone.0136035 August 25, 2015 18 / 18
